
AER: Insights 2025, 7(4): 429–446 
https://doi.org/10.1257/aeri.20240467

429

Race and Economic Well-Being in the United States†

By Jean-Félix Brouillette, Charles I. Jones, and Peter J. Klenow*

We construct a measure of consumption-equivalent welfare for Black 
and White Americans, which incorporates life expectancy, consump-
tion, leisure, and inequality. Based on these factors, welfare for 
Black Americans was 40 percent of that for White Americans in 1984 
and 59 percent by 2022. There has been remarkable progress for 
Black Americans: The level of their consumption-equivalent welfare 
increased by a factor of 3.5 over the last 38 years when aggregate 
consumption per person only doubled. Despite this progress, the wel-
fare gap in 2022 remains disconcertingly large at 41 percent, much 
larger than the 16 percent gap in consumption per person. (JEL D12, 
I12, I31, J15, J31, K42)

An enormous literature has documented large and persistent differences in eco-
nomic outcomes by race in the United States. These outcomes include income, earn-
ings, wealth, education, life expectancy, access to good neighborhoods and other 
public goods, unemployment, and incarceration.

Across these different measures, some differences are huge. Average wealth 
for Black Americans was just 16  percent of that of White Americans in 2019 
(Derenoncourt et  al. 2022). Incarceration rates were five to six times higher for 
Black Americans than for White Americans in 2005 (Mauer and King 2007). Other 
differences appear to be smaller. For example, average earnings by Black Americans 
were 77 percent of that for White Americans in 2019 (Chetty et al. 2020). Average 
life expectancy was even closer, reaching 95 percent in recent years (Centers for 
Disease Control and Prevention 2024b).

It is hard to compare these measures because they are in different units. Put 
differently, if you could magically close one of these gaps, which one would you 
choose? To answer this question, and to think about policy priorities more generally, 
one needs to put these outcomes into common units.

Note that it is not the average gap across different measures that we should care 
about. Instead, these gaps compound: The economic well-being of Black Americans 
is reduced by low consumption, low life expectancy, and high rates of incarceration. 
The overall loss of welfare is much larger than from any individual component.
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The goal of this project is to make progress by putting some key outcomes into 
common units and showing how they compound. Following Jones and  Klenow 
(2016), we combine several factors into a single utility-based welfare metric. We 
incorporate microdata on consumption, mortality, incarceration, and leisure to esti-
mate consumption-equivalent welfare by race over time.1

Relative to the long list of economic outcomes mentioned, we make progress but 
are unable to include everything, usually because it is not clear in the literature how 
to convert some outcomes into consumption-equivalent units. For example, conven-
tional utility functions do not depend on wealth and education once consumption, 
leisure, and mortality have been included. This is not to say that there are no addi-
tional channels whereby wealth or education matter for welfare. Because they are 
omitted from standard utility analysis, however, we do not have a body of empirical 
work that tells us quantitatively how these forces should enter.

With these caveats in mind, we summarize our findings as follows. Our main 
analysis begins in 1984 and runs through 2022. We find a large welfare difference 
at the end of our sample: Consumption-equivalent welfare for Black Americans was 
only 59 percent of the level for White Americans in 2022. The gap in welfare was 
even larger historically: Relative welfare was only 40 percent in 1984.

The good news is that substantial progress has been made over the past 38 years; 
the bad news is that the remaining gap is much larger than the gaps in consumption, 
earnings, or life expectancy alone would suggest. The gap in welfare was 41 per-
cent in 2022, versus a 16 percent gap in consumption. Life expectancy is the larg-
est contributor to the remaining gap, followed by consumption. Life expectancy 
and consumption contributed the bulk of convergence in recent decades. Of lesser 
importance were changes in incarceration, leisure, and within-group inequality in 
both consumption and leisure.

The large role played by life expectancy may come as a surprise given that life 
expectancy for Black Americans, at 74.5 years, is 95  percent of that for White 
Americans (at 78.5 years) in 2022. This illustrates the importance of using a 
consumption-equivalent metric: Because each year of life is worth roughly five years 
of consumption according to the standard calibration in the literature, a four-year 
gap in life expectancy is actually worth around 20 percent of annual consumption.

In Section  I, we lay out our consumption-equivalent welfare framework. 
Section  II describes the data for life expectancy, incarceration, consumption, lei-
sure, and inequality. Section III describes how we calibrate key parameters in the 
utility function, while Section IV presents our welfare results from 1984 to 2022. 
Section V concludes.

Literature Review.—Our paper relates to a number of recent studies. Perhaps 
closest is Curtis, Garín, and Lester (2022). They also focus on welfare differences 
across demographic groups. Relative to our paper, they consider a richer set of 
demographics, including cuts by gender and education. Data requirements for this 
finer detail limit their results to recent years, 2013 to 2017, as opposed to our longer 
time series back to 1984.

1 Falcettoni and Nygaard (2023) look at welfare across US states and incorporate education and housing but do 
not concentrate on patterns by race.
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Margo (2016) documents Black-White income differences going back to 1870 
and finds slow convergence, except for a quickening in the 1940s and 1960s. Bayer 
and Charles (2018) dissect Black-White earnings differences since 1940 and find 
convergence from 1940 to 1970 and then divergence afterward. Chetty et al. (2020) 
document Black-White earnings and employment gaps from 1989 to 2015 and 
report lower rates of upward mobility and higher rates of downward mobility for 
Black workers. Derenoncourt and Montialoux (2021) connect a sharp narrowing in 
the Black-White earnings gap in the late 1960s and the early 1970s to the extension 
of the minimum wage to predominantly Black occupations. Aizer et al. (2020) trace 
a significant narrowing of the earnings gap during World War II to war contracts. 
Karger and Wray (2024) look at the lifetime earnings of Black versus White males 
and finds substantial convergence early in the century but then little afterward.

Cook (2014) provides evidence that violence against Black Americans hindered 
their patenting activity. Hsieh et al. (2019) trace Black-White occupational and earn-
ings gaps to barriers in the labor market and to human capital accumulation.2 They 
find that human capital barriers fell in the 1960s and 1970s, but progress has stalled 
since then. They emphasize that reducing barriers not only reduces wage inequality 
but also raises overall economic growth by mitigating the misallocation of talent.

Derenoncourt et al. (2022) document the Black-White wealth gap from 1860 to 
2020. They find the fastest convergence from 1860 to 1910, but that progress came 
to halt in the mid-twentieth century and gaps widened in recent decades. They see 
Black wealth trending toward only 20 percent of White wealth (both in per capita 
terms), driven in part by differences in rates of return.

Boerma and Karabarbounis (2021) model barriers and how they influence racial 
gaps in occupations, income, and wealth. They, too, see a major role for differences 
in risky investments and rates of return in contributing to the Black-White wealth 
gap. They argue that policies promoting Black entrepreneurship would be more 
effective at reducing the long-run wealth gap than would onetime reparations.

Schwandt et  al. (2021) report a 50  percent reduction in the Black-White life 
expectancy gap in the United States from 1990 to 2012 and a plateau in the gap 
through 2018. Meara, Richards, and Cutler (2008) document large gaps in life expec-
tancy by race and education. Case and Deaton (2015, 2017) underscore the recent 
decline in life expectancy for White men, in particular those with less education. 
Although not their focus, they report that life expectancy has continued to climb for 
Black Americans, narrowing the gap with White Americans. Chetty et al. (2016) 
use income from tax records and deaths from the Social Security Administration 
to establish the positive correlation between income and life expectancy at age 40, 
suggesting that welfare gaps are reinforced by combining these differences.

Higgins (2022) finds that Black Americans spend a lower share of income on 
housing and argues that this pattern reflects residential segregation. Black Americans 
often live in worse neighborhoods than White Americans, in part due to redlining 
restrictions and other historical forms of discrimination. Our consumption measure 
does incorporate differences in expenditures on housing but is surely incomplete in 
capturing access to public goods such as parks and good neighborhoods. Moreover, 

2 Monge-Naranjo and  Vizcaino (2018) document the occupational distribution of Hispanic workers in the 
United States and how it has moved into skilled occupations but still lags behind the overall workforce.
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Fogli and Guerrieri (2019) and Higgins (2022) emphasize how residential segrega-
tion can lead to persistent inequality through its effect on human capital investments 
and wealth, respectively.

In addition to the quality of housing and neighborhoods, consumption prices may 
differ across locations in ways correlated with race. Diamond and Moretti (2021) 
show that consumption wages are lower in more expensive cities, in particular for less 
educated workers. Butters, Sacks, and Seo (2022) establish that Black Americans 
pay several percentage point higher prices per unit than White Americans in the 
AC Nielsen scanner data. Neither our baseline measure nor our extensions capture 
neighborhood quality or price differences, primarily because of data limitations. 
Our measures of welfare therefore likely understate both the current gap as well as 
the historical progress that has been made. We hope that future research will incor-
porate these and other forces.

I.  Expected Utility Framework

We define lifetime expected utility “behind the veil” for an individual of race ​i​:

	​ ​U​i​​  = ​  ∑ 
a=0

​ 
100

 ​​ ​β​​ a​ ​S​ia​​​(1 − ​I​ia​​)​ ⋅ 피​[u​(​c​ia​​, ​ℓ​ia​​)​]​.​

Here, ​a​ indexes age, ​0  <  β  ≤  1​ is the discount factor, ​​S​ia​​​ is the probability a per-
son survives from birth to age ​a​, ​​I​ia​​​ is the incarceration rate, ​c​ is consumption, 
and ​ℓ​ is leisure. This formulation implies that flow utility is equal to zero while 
incarcerated.3

While it is customary to think of applying this equation to an individual as they 
age, we do not have the requisite data to calculate life expectancy and the other 
variables by cohort. Looking at individuals born from 1984 onward, we would nec-
essarily be making many extrapolations. Instead of trying to calculate “cohort” (or 
generation) life expectancy, we instead calculate what demographers call “period” 
life expectancy. This is a summary of the cross section of mortality rates that prevail 
in a given year. We apply this period methodology to consumption, leisure, and 
incarceration in a cross section of people at a point in time.

Our utility function has the following interpretation: Consider an individual alive 
in some year, and suppose that that individual lived his or her entire life traveling 
through the cross section of consumption, leisure, and mortality rates that prevail 
in those years. More specifically, this individual receives a draw from the joint dis-
tribution at each age. Expected utility behind the veil (i.e., knowing one’s race and 
the distribution of outcomes by race but not the exact realizations) would be ​​U​i​​​. In 
our benchmark calculations that follow, we assume ​β  =  1​, so the only discounting 
across ages/people in the cross section occurs because of mortality.4

3 We show robustness to this assumption in Table 2.
4 Because our preferences are time separable and we look at consumption and leisure conditional on survival, 

we do not need to assume that survival is independent of consumption and leisure.
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To implement our consumption-equivalent welfare calculation, let ​​U​i​​​(λ)​​ denote 
expected lifetime utility for an individual of race ​i​ if consumption is multiplied by 
a factor ​λ​ at each age:

	​ ​U​i​​​(λ)​  = ​  ∑ 
a=0

​ 
100

 ​​ ​S​ia​​​(1 − ​I​ia​​)​ ⋅ 피​[u​(λ​c​ia​​, ​ℓ​ia​​)​]​​.

By what factor ​λ​ must we adjust the consumption of all White Americans to make 
them indifferent between living in the conditions prevailing for Black Americans 
and their own? That consumption adjustment satisfies

(1)	​ ​U​W​​​(λ)​  = ​ U​B​​​(1)​.​

Denoting the sampling weight of an individual ​j​ of race ​i​ and age ​a​ as ​​ω​ ia​  j ​​, and the 
number of individuals of the same race and age as ​​N​ia​​​, we replace the expectation 
operator with the estimate provided by the sample mean:

	​ ​U​i​​​(λ)​  = ​  ∑ 
a=0

​ 
100

 ​​ ​S​ia​​​(1 − ​I​ia​​)​​ ∑ 
j=1

​ 
​N​ia​​

 ​​ ​ω​ ia​  j ​ u​(λ​c​ ia​ j ​, ​ℓ​ ia​ j ​)​.​

We assume that flow utility takes the following form:

	​ u​(c, ℓ)​  = ​ u –​ + log​(c)​ + v​(ℓ)​​,

where flow utility from leisure ​ℓ​ features a constant Frisch elasticity:

	​ v​(ℓ)​  =  − ​ θϵ _ 
1 + ϵ ​ ⋅ ​​(1 − ℓ)​​​ ​ 

1+ϵ _ ϵ ​​.​

Here, ​ϵ  >  0​ is the Frisch (compensated) elasticity of labor supply, and ​θ  >  0​ is a 
weighting parameter. Denote average flow utility for an individual of race ​i​ and age ​
a​ as

	​ ​u​ia​​  ≡ ​  ∑ 
j=1

​ 
​N​ia​​

 ​​ ​ω​ ia​  j ​ u​(​c​ ia​ j ​, ​ℓ​ ia​ j ​)​.​

Solving for the scaling constant in equation (1) under these assumptions, we obtain

(2)	​ log​(λ)​  = ​   1 ______________  
​∑ a=0​ 100 ​​ ​S​Wa​​​(1 − ​I​Wa​​)​

 ​ ⋅ ​ ∑ 
a=0

​ 
100

 ​​ {​u​Ba​​​(1 − ​I​Ba​​)​​(​S​Ba​​ − ​S​Wa​​)​

	 ​+ ​u​Ba​​ ​S​Wa​​​(​I​Wa​​ − ​I​Ba​​)​​ + ​S​Wa​​​(1 − ​I​Wa​​)​​(​u​Ba​​ − ​u​Wa​​)​}.​

This equation tells us that White Americans would need to have lower consumption 
to have the same lifetime utility as Black Americans to the extent that the latter have 
lower life expectancy and flow utility but face higher incarceration rates.
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To ease notation, define survival and incarceration rates normalized by White 
incarceration-adjusted life expectancy:

	​ ​s​ia​​  ≡ ​  
​S​ia​​​(1 − ​I​ia​​)​  ______________  

​∑ a=0​ 100 ​​ ​S​Wa​​​(1 − ​I​Wa​​)​
 ​​ ,

	​ Δ​s​Ba​​  ≡ ​  
​(​S​Ba​​ − ​S​Wa​​)​​(1 − ​I​Ba​​)​  ________________  
​∑ a=0​ 100 ​​ ​S​Wa​​​(1 − ​I​Wa​​)​

 ​​ ,

	​ Δ​i​Ba​​  ≡ ​  
​(​I​Wa​​ − ​I​Ba​​)​ ​S​Wa​​  ______________  

​∑ a=0​ 100 ​​ ​S​Wa​​​(1 − ​I​Wa​​)​
 ​ ​ .

Further denote average lifetime utility from consumption and leisure as

	​ 피log​(​c​i​​)​  ≡ ​  ∑ 
a=0

​ 
100

 ​​ ​s​Wa​​ ​ ∑ 
j=1

​ 
​N​ia​​

 ​​ ​ω​ ia​  j ​ log​(​c​ ia​ j ​)​  and  피v​(​ℓ​i​​)​  ≡ ​  ∑ 
a=0

​ 
100

 ​​ ​s​Wa​​ ​ ∑ 
j=1

​ 
​N​ia​​

 ​​ ​ω​ ia​  j ​ v​(​ℓ​ ia​ j ​)​.​

Finally, denote average lifetime consumption and leisure as

	​​​ c –​​i​​  ≡ ​  ∑ 
a=0

​ 
100

 ​​ ​s​Wa​​ ​ ∑ 
j=1

​ 
​N​ia​​

 ​​ ​ω​ ia​  j ​ ​c​ ia​ j ​  and ​​ ℓ – ​​i​​  ≡ ​  ∑ 
a=0

​ 
100

 ​​ ​s​Wa​​ ​ ∑ 
j=1

​ 
​N​ia​​

 ​​ ​ω​ ia​  j ​ ​ℓ​ ia​ j ​.​

Substituting these definitions into equation (2), we obtain the following decom-
position of consumption-equivalent welfare:

(3) ​log​(λ)​  = ​ ∑ a=0​ 100 ​​ Δ​s​Ba​​ ⋅ ​u​Ba​​​  Life expectancy

	​ + ​∑ a=0​ 100 ​​ Δ​i​Ba​​ ⋅ ​u​Ba​​​  Incarceration

	​ + log​(​​c –​​B​​)​ − log​(​​c –​​W​​)​​  Consumption

	​ + v​(​​ℓ – ​​B​​)​ − v​(​​ℓ – ​​W​​)​​  Leisure

	​ + 피log​(​c​B​​)​ − log​(​​c –​​B​​)​ − ​[피log​(​c​W​​)​ − log​(​​c –​​W​​)​]​​  Consumption
	 inequality

	​ + 피v​(​ℓ​B​​)​ − v​(​​ℓ – ​​B​​)​ − ​[피v​(​ℓ​W​​)​ − v​(​​ℓ – ​​W​​)​]​​  Leisure inequality.

Notice here that ​λ​ is an equivalent variation in that it adjusts the consumption of 
White Americans so that their welfare equals that of Black Americans. A compen-
sating variation can be analogously defined, instead adjusting the consumption of 
Black Americans to equalize welfare across race. In the quantification of this wel-
fare calculation in Section IV, we report the geometric average of the equivalent and 
compensating variations.

While our accounting exercise uses the general expression in equation (3), it is 
helpful for intuition to see how it simplifies under a few conditions. Suppose  that 
(i) consumption is constant across ages, (ii) consumption is lognormally distributed 
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with variance ​​σ​​ 2​​, (iii) leisure is the same for all individuals within each race, and 
(iv) incarceration rates are equal to zero for all groups. With these assumptions, the 
previous decomposition becomes

	​ log​(​λ​​ 𝑠𝑖𝑚𝑝𝑙𝑒​)​  = ​  ​e​B​​ − ​e​W​​ _ ​e​W​​ ​ ⋅ ​[​u –​ + log​(​​c –​​B​​)​ + v​(​​ℓ – ​​B​​)​ − ​σ​ B​ 2 ​ /2]​​  Life expectancy

	​ + log​(​​c –​​B​​)​ − log​(​​c –​​W​​)​​  Consumption

	​ + v​(​​ℓ – ​​B​​)​ − v​(​​ℓ – ​​W​​)​​  Leisure

	​ − ​(​σ​ B​ 2 ​ − ​σ​ W​ 2 ​)​/2​  Consumption inequality.

The percent difference in life expectancy (​​e​i​​  ≡ ​ ∑ a=0​ 100 ​​ ​S​ia​​​) between the two groups 
matters for welfare, with the difference weighted by the average flow utility of one 
of the groups. With log utility and lognormal shocks, the variance of consumption 
in the cross section reduces welfare by the usual factor of one-half. Finally, a 1 per-
cent difference in life expectancy is approximately equal to a ​​u –​​ percent difference 
in consumption in a year, provided that we normalize ​​c –​  =  1​ and the ​v​(ℓ)​​ and ​​σ​​ 2​​ 
terms are small.

II.  Datasets

Our consumption-equivalent welfare calculation requires microdata on sur-
vival rates, incarceration rates, consumption, and leisure by race. We draw on four 
sources: Life Tables and mortality data from the US Centers for Disease Control and 
Prevention (CDC), National Prisoner Statistics (NPS) and the Annual Survey of Jails 
(ASJ) from the US Bureau of Justice Statistics (BJS), the Consumer Expenditure 
Survey (CEX) from the US Department of Labor, and the Current Population Survey 
(CPS) from the US Census Bureau.

A. Racial Definitions

In all the data sources we use, we follow the 1977 Office of Management and 
Budget (OMB) standards for race and ethnicity. Those standards define four racial 
groups (White, Black, Native American, and Asian or Pacific Islander).

In 1997, the OMB revised its standards to allow respondents to report two or 
more racial groups. From 1997 on, therefore, we treat multiple-race observations as 
fractional and divide each observation’s sampling weight by the number of groups 
reported for that observation. Because Latin origin is not always reported over time 
in some of our data sources, and because the CDC only started publishing Life 
Tables by Latin origin in 2006, people of Latin ethnicity are incorporated into the 
Black and White American categories in all years and for most of our data sources.5

5 The exception is for the incarceration data. Indeed, the NPS only reports prisoner counts for Black and White 
Americans who are not of Latin origin.
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B. Survival Rates

Our data on survival rates come from the CDC’s Life Tables (Centers for Disease 
Control and Prevention 2024b), which are available for the Black and White pop-
ulation since 1890. However, starting in 2018, the CDC stopped publishing Life 
Tables for Black and White Americans irrespective of Latin origin. Therefore, from 
2018 onward, we calculate survival rates using individual death records from the 
mortality data files of the CDC’s National Vital Statistics System (NVSS) (Centers 
for Disease Control and Prevention 2021, 2024a). Each record contains information 
on the deceased’s gender, race, and age. We then use the CDC’s bridged-race pop-
ulation estimates to determine the population at risk by gender, race, and age from 
2018 onward.

Figure 1, panel A plots life expectancy at birth for Black and White Americans 
from 1984 to 2022. In 1984, Black Americans had approximately six fewer years 
of life expectancy compared to White Americans, a gap that narrowed to about four 
years by 2022. The COVID-19 pandemic caused a temporary widening of this gap 
in 2020 and 2021; however, by 2022, it had mostly reverted to prepandemic levels.6 
Note that life expectancy fell mostly for older individuals during the pandemic, and 
this is captured by our “period” life expectancy measure based on cross-sectional 
mortality rates in each year.

From 1984 to the mid-1990s, lifespans diverged before converging significantly 
through the early 2010s. Over the past decade, life expectancy has plateaued or 
declined for both White and Black Americans. Case and Deaton (2015, 2017) attri-
bute this stagnation to “deaths of despair,” which include suicide, opioid overdoses, 
and alcohol-related chronic illnesses.

C. Incarceration Rates

Our data on incarceration come from the US Bureau of Justice Statistics (1978–
2022, 1985–2022), which provides comprehensive data on the incarcerated popu-
lation by race since the 1980s. For the purposes of our analysis, we focus on Black 
and White Americans, aggregated across both federal and state prisons as well as 
local jails. We calculate incarceration rates by dividing the number of incarcerated 
individuals in each group by the corresponding population estimates from the US 
Census Bureau (2024).7 To address changes in population measurement methods 
over time, we use the Census Bureau’s bridged-race population estimates for con-
sistency across time.

Figure 1, panel E illustrates incarceration rates for Black and White Americans 
from 1984 to 2022. In 1984, the incarceration rate for Black Americans was almost 
seven times higher than for White Americans, a gap that narrowed slightly but per-
sisted through 2022. The 1990s marked a sharp increase in incarceration due to 
tougher sentencing laws and the war on drugs, peaking in the mid-2000s. Since then, 

6 See Almagro and Orane-Hutchinson (2022) and Benitez, Courtemanche, and Yelowitz (2020) for evidence on 
racial disparities in COVID-19 exposure and its determinants.

7 To account for the fact that the vast majority of incarcerated individuals are between the ages of 18 and 84, we 
set the incarceration rate outside this range equal to zero.



437BROUILLETTE ET AL.: RACE AND ECONOMIC WELL-BEING IN THE USVOL. 7 NO. 4

incarceration rates have declined, especially for Black Americans, though signifi-
cant racial disparities remain.

D. Consumption

Our consumption data come from the CEX interview samples (US Bureau of 
Labor Statistics 2024). For each year from 1984 to 2022, a rotating panel of about 
20,000 households is interviewed about their expenditures on hundreds of goods and 
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services for up to four quarters. The survey asks about total household expenditures 
on each of those items, but it also contains the race, age, gender, and educational 
attainment of each household member. Our measure of household expenditures 
includes housing (rent paid by renters and self-reported rental equivalence for 
homeowners). To arrive at a measure of individual consumption, we divide house-
hold spending evenly among household members.

It is well known that consumption expenditures from the CEX do not align with 
personal consumption expenditures in the National Income and Product Accounts 
(NIPA) (Aguiar and Bils 2015). To address this, we rescale total individual con-
sumption in the CEX so that it matches the NIPA personal consumption expendi-
tures per capita for each year from 1984 to 2022 (US Bureau of Economic Analysis 
2024a, b). However, Aguiar and Bils (2015) also document that high-income expen-
ditures, such as spending on luxuries, are increasingly underreported in the CEX. 
Since White Americans have higher earnings than Black Americans on average, this 
underreporting could lead to an underestimation of White Americans’ consump-
tion relative to that of Black Americans. If this underreporting were significant, we 
would expect average earnings growth to outpace average consumption growth for 
White Americans compared to Black Americans. However, we find that the ratio 
of average earnings growth in the CPS to average consumption growth in the CEX 
between 1984 and 2022 is similar for both groups and even slightly lower for White 
Americans (0.75 and 0.83, respectively).

Figure 1, panel B plots consumption per capita for Black and White Americans 
when White consumption is normalized to 100 in 2022. Consumption per person was 
about 39 percent lower for Black Americans in 1984 but only 16 percent lower in 
2022. Notice that here (and elsewhere whenever possible) we provide bootstrapped 
95 percent confidence intervals. The bands are typically narrow and sometimes hard 
to see as a result.8

Figure 1, panel C displays the standard deviation of log nondurable consumption 
across people within a group by year. Consumption dispersion is choppy across 
years due to modest sample sizes, especially for Black Americans. The standard 
deviations for both groups hover around 0.55. If consumption is lognormally distrib-
uted, then with log utility, such inequality lowers consumption-equivalent welfare 
by 15 percent for each group.9

E. Leisure

Our leisure estimates are derived from hours worked in the CPS for each year 
from 1984 to 2022 (Flood et al. 2024). We define leisure as the fraction of total 
waking hours that are not spent on market work over the year:

	​ ℓ  ≡ ​  5,840 − hours worked in the year
   ________________________  

5,840
   ​ .​

8 This is in line with the results of Fernández-Villaverde and Krueger (2007), who also perform bootstrap simu-
lations in the CEX to assess the precision of consumption life cycle profile estimates. They find that those estimates 
are precise with tight confidence intervals.

9 In the case of additively separable utility from consumption and lognormally distributed consumption, the loss 
in consumption-equivalent welfare from behind-the-veil inequality is the coefficient of relative risk aversion times 
the variance of log consumption divided by two.
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We obtain 5,840 total hours available as the product of 16 hours per day and 
365 days.10 In a rough attempt to account for the division of nonmarket work, we 
divide hours worked per year equally among individuals between 25 and 64 years 
old within each household.11 For household members outside this age range, we 
make no adjustment. The resulting split in leisure time between men and women 
is similar to that found in Aguiar and Hurst (2007), who carefully delineate leisure 
from home production work in time-use surveys.

Recognizing that unemployment may not be equivalent to leisure, we perform an 
adjustment where unemployed individuals have their hours worked set to full-time 
hours.12 This adjustment ensures that leisure hours are no longer greater for unem-
ployed individuals. We also consider a broad definition of unemployment, including 
the unemployed and marginally attached workers as well as workers who are invol-
untarily working part-time. As illustrated in Figure 1, panel F, Black Americans face 
a persistently higher rate of unemployment than White Americans in our sample.

Figure 1, panel D shows that leisure is about 3 percentage points higher for Black 
Americans than for White Americans in 1984 but only around 1 percentage point 
higher in 2022. There are sizable fluctuations in between, with leisure rising notably 
for both groups in the 2008–2009 Great Recession and its aftermath. Using this 
same data, we also computed the standard deviation of leisure across individuals 
within groups. Just as for consumption, unequal leisure lowers average utility due to 
diminishing marginal utility from leisure. Leisure inequality is similar across racial 
groups, especially at the end of the sample.

III.  Calibration

The three key parameters to be calibrated are the Frisch elasticity ​ϵ​, the utility 
weight on leisure ​θ​, and the intercept in flow utility ​​u –​​. We provide our baseline 
parameter values here but explore robustness to alternative parameter values in 
Section IVA.

We consider a Frisch elasticity of labor supply of 1.0, which implies that the 
disutility from working rises with the square of the number of hours worked. This 
is a compromise between Hall (2009), who advocates for a Frisch elasticity of 1.7, 
and Chetty et al. (2013), who recommend a value closer to 0.5.

We use the first-order condition for the labor-leisure choice to calibrate the weight 
on leisure in the utility function. The corresponding static first-order condition is  
​​u​ℓ​​/​u​c​​  =  w​(1 − τ)​​, where ​w​ is the real wage and ​τ​ is the marginal tax rate on labor 
income. With logarithmic utility from consumption and a constant Frisch elastic-
ity, this implies ​θ  =  w​(1 − τ)​ ​​(1 − ℓ)​​​ −1/ϵ​/c​. The marginal tax rate ​τ​ is borrowed 
from Barro and Redlick (2011), who report a value of 0.353 for the United States in 
2006. Consumption per person in 2006 is obtained from NIPA Table 2.4.5, where we 

10 We use 366 days for leap years and assume eight hours a day of sleep.
11 Aguiar and Hurst (2007) and Erosa et al. (2017), among many others, document that women typically spend 

more time on home production than men.
12 Surveys by Krueger and Mueller (2011) shed light on how flow utility varies with employment status. They 

find that the same leisure activities yield less enjoyment when a person is unemployed compared to when they 
are employed. They also find that those unemployed had similar hours worked in their previous jobs as employed 
individuals.
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subtract insurance from total personal consumption expenditures to obtain a value 
of $31,046 in 2012 dollars. Average earnings and leisure are calculated directly 
from the CPS, where we restrict on prime-age workers (25–55 years old) and obtain 
values of $38,491 in 2012 dollars and 0.70, respectively. This delivers a value of ​
θ  =  8.9​.

The intercept in flow utility, ​​u –​​, is critical for valuing differences in mortality. 
The US Environmental Protection Agency (2020) recommends $7.4 million for the 
value of remaining life in 2006 dollars for those aged 25 to 55 (of all races). Hall, 
Jones, and Klenow (2020) use this figure when valuing lives at risk from COVID-19. 
Matching this number leads to ​​u –​  =  6.26​ when consumption per capita is normal-
ized to 1.0 in 2022. This means that ​​u –​​ has a natural interpretation for our utility func-
tion: One additional year of life is valued at ​​u –​  =  6.26​ years of 2022 consumption. 
Note that we assume that the intercept in utility ​​u –​​ is common for Black and White 
individuals, but this does not imply the same flow utility given differences in mor-
tality, consumption, leisure, and incarceration.

IV.  Welfare

We combine our ingredients into a single measure of consumption-equivalent 
welfare as described in Section I. Figure 2 plots Black versus White welfare from 
1984 through 2022. The initial level in 1984 is surprisingly low at 40 percent. It rises 
to around 60 percent from the mid-1990s to the early 2010s. The gap between Black 
and White Americans remains disappointingly wide.
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Figure 2. Consumption-Equivalent Welfare, Black versus White Americans

Notes: The figure shows the consumption-equivalent welfare for Black relative to White Americans from 1984 
to 2022, computed according to equation (3). The shaded area represents the 95 percent confidence interval from 
1,000 bootstrap samples of the CEX and CPS. For comparison, we also show the corresponding relative consump-
tion, earnings, and wealth level. The earnings series is from the CPS and includes wage, salary, business, and farm 
income before taxes and transfers. The wealth series is from Aladangady and Forde (2021) and corresponds to total 
net worth.
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The figure also plots consumption from the CEX, earnings from the CPS, and 
wealth from Aladangady and Forde (2021), who use the Federal Reserve’s Survey 
of Consumer Finances. Earnings include wages, salaries, business income, and farm 
income before taxes and transfers.13 In Supplemental Appendix Figure A5, we also 
plot the racial gap in earnings after taxes and transfers.14 Black relative earnings 
were notably higher than Black relative welfare until the 2010s. In contrast, Black 
relative wealth is significantly lower throughout the period, actually declining in 
recent years to just 15 percent. This illustrates the contribution of life expectancy 
(versus earnings and wealth) to gaps in welfare.

Figure  3 decomposes the drivers of the overall welfare differences using the 
expression in equation (3). The three biggest contributors are life expectancy, con-
sumption, and incarceration. Leisure, inequality in consumption, and inequality in 
leisure contribute surprisingly little to both levels and trends.

We next examine welfare growth rates in Table 1 by applying equation (3) over 
time. From 1984 to 2022, Black consumption-equivalent welfare grew 3.28 percent 
per year, faster than earnings growth of 2.21 percent per year. For White Americans, 

13 Our approach differs from that of Derenoncourt and Montialoux (2021) in several key aspects. While they 
restrict their sample to individuals aged 25–65 and exclude self-employed workers, unpaid family workers, individ-
uals in group quarters, workers employed for less than 13 weeks in the previous year or less than three hours in the 
previous week, and those with missing industry or occupation data, we do not apply these restrictions. Additionally, 
they focus solely on wage earnings, whereas we include total earnings from wages, business, and farm income. 
Furthermore, we calculate individual earnings as the sum of a family’s earnings divided by the number of family 
members.

14 The Supplemental Appendix provides detail on the taxes and transfers included. Figure A5 there  makes clear 
that the difference between the relative earnings and relative post-tax-and-transfer earnings of Black and White 
Americans has narrowed over time. This implies that the extent of racial progress in terms of consumption cannot 
be attributed to more generous transfers to Black Americans.
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Figure 3. Relative Welfare Decomposition

Notes: The figure shows the decomposition of consumption-equivalent welfare for Black relative to White 
Americans from 1984 to 2022, computed according to equation (3). Author calculations using data from the CDC’s 
NVSS, the BJS’s NPS and ASJ, and the Department of Labor’s CPS and CEX.
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welfare also rose more quickly than earnings (2.17 percent versus 1.37 percent per 
year). Cumulating this growth over time, consumption-equivalent welfare grew by 
a factor of 3.5 for Black Americans from 1984 to 2022 and by a factor of 2.3 for 
White Americans.

Table  1 also decomposes the contributions to growth rates. From 1984 to 
2022, the biggest contributor was consumption growth at 2.61 percent for Black 
Americans and 1.83 percent for White Americans.15 Life expectancy was the next 
most important at 0.8 percent per year for Black Americans and 0.45 percent for 
White Americans.16 Though dwarfed by other factors, rising inequality of consump-
tion and leisure together subtracted 3 and 5 basis points a year from growth for 
Black and White Americans, respectively. Falling leisure and rising incarceration 
lowered growth by 10 basis points a year for Black Americans and 6 basis points a 
year for White Americans.

A. Robustness

In this section, we assess the robustness of our benchmark results to alterna-
tive assumptions and parameter values. Table 2 shows that the welfare gap between 
Black and White Americans is fairly robust in both the beginning and ending years 
of our sample to a variety of adjustments.

As described in Section  I, our benchmark welfare calculation is a geometric 
average of equivalent and compensating variations. The second and third rows of 
Table 2 show that averaging between these two metrics (as our baseline calculation 
in the first row does) has a modest effect as the two variations differ by around 2 to 
3 percentage points.

The fourth and fifth rows, respectively, show robustness to a discount factor of ​
β  =  0.99​ as well as consumption growth of 2 percent per year and dividing house-
hold consumption by the square root of the number of household members rather 
than by the number of household members. Both of these changes move our bottom 
line estimates by at most 2 percentage points.

15 It is not surprising that consumption growth does not track earnings growth perfectly. See, for example, 
Krueger and Perri (2006) or Heathcote, Storesletten, and Violante (2013).

16 Becker, Philipson, and Soares (2005) similarly found that rising life expectancy was a major contributor to 
“full income” growth in the United States and other countries in recent decades.

Table 1—Welfare Growth between 1984 and 2022 (Percent)

Decomposition

Welfare Earnings ​LE​ ​I​ ​c​ ​σ​(c)​​ ​ℓ​ ​σ​(ℓ)​​

Black 3.28 2.21 0.80 −0.03 2.61 0.00 −0.07 −0.03
White 2.17 1.37 0.45 −0.02 1.83 −0.03 −0.04 −0.02

Gap 1.11 0.84 0.35 −0.01 0.78 0.03 −0.02 −0.01

Note: The last six columns report the additive decomposition in equation (3), where ​σ​ denotes 
the inequality terms.
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To make sure that infant mortality is not driving our results, the sixth and seventh 
rows report our welfare calculation when utility is evaluated starting at age one or 
five, respectively. In contrast, the next three rows show robustness to alternative 
parameter values for the utility function. As mentioned, leisure plays a relatively 
muted role in our calculation, which is why it is not surprising that a Frisch elasticity 
of labor supply of 0.5 or 2 instead of unity leaves our results almost unchanged.17 
However, imposing more curvature in the utility function slightly raises the welfare 
of Black relative to White Americans. More precisely, we consider the following 
flow utility function:

	​ u​(c, ℓ)​  = ​ u –​ + ​ ​c​​ 
1−γ​ _ 

1 − γ ​ ⋅ ​​[1 + ​(γ − 1)​θ ⋅ ​ 
ϵ​​(1 − ℓ)​​​ ​ 

1+ϵ _ ϵ ​​
  _ 

1 + ϵ ​]​​​ 
γ

​ − ​ 1 _ 
1 − γ ​​ ,

which nests our baseline specification as ​γ  →  1​. This formulation allows us to vary ​
γ​ while holding the Frich elasticity of labor supply fixed at ​η​.

The next two rows of Table 2 show that another consequential assumption in our 
calculation is the value assumed for the intercept ​​u –​​ in the utility function. We vary 
this intercept such that the remaining value of life for a 40-year-old in 2006 dollars 
is $5 million or $10 million instead of our benchmark value of $7.4 million. As 
discussed earlier, since life expectancy is such a critical ingredient in our calcula-
tion, changing the remaining value of life to $5 million or $10 million, respectively, 
narrows or widens the welfare gap by about 6 to 8 percentage points both in 1984 
and 2022. However, life expectancy is also an important driver of the convergence 
in living standards between Black and White Americans, which means that a larger 
(lower) value of life implies a faster (slower) catch-up in welfare by a little over 
1 percentage point over the entire sample.

17 When changing this elasticity, we also recalibrate the weight of leisure in the utility function to ensure that 
the optimality condition for the labor-leisure choice is satisfied.

Table 2—Robustness Results

Consumption-equivalent welfare (%)

1984 2022

Benchmark case 40.5 59.0
Equivalent variation 42.1 60.0
Compensating variation 38.9 58.0
​β  =  0.99​ and ​g  =  0.02​ 38.9 58.2
Household size (square root) 42.3 58.6
Ages 1 and above 42.1 60.4
Ages 5 and above 41.4 59.7
​γ  =  2​ 53.7 60.8
Frisch elasticity  =  0.5 40.6 58.9
Frisch elasticity  =  2 40.5 59.0
Value of life  =  $5 million 48.2 66.7
Value of life  =  $10 million 33.6 51.7
Incarceration 50% utility 41.5 60.7
Unemployment 50% leisure 41.1 59.4

Note: See the main text for a discussion of the various robustness cases.
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Finally, we assess the robustness of our estimates by modifying our assumptions 
about incarceration and unemployment. For incarceration, instead of assuming that 
flow utility is zero while incarcerated, we assign it a value equal to 50 percent of the 
average flow utility of individuals with a high school degree or less. For unemploy-
ment, rather than treating all the extra leisure time of the unemployed as nonleisure 
time, we assume that 50  percent of this additional time is considered as leisure. 
Implementing these adjustments results in minimal changes to our findings.

Geographic Heterogeneity.—Comparing the South to non-South census 
regions—the Midwest, Northeast, and West regions—offers a lens to assess whether 
geographic location influences welfare disparities. The South’s unique historical 
and economic context makes it a particularly relevant comparison point. Our analy-
sis begins in 1999 due to the unavailability of state-level life expectancy data before 
this year. Figure 4 in the Supplemental Appendix shows minimal variation between 
the South and non-South, with both regions showing similar levels and trends in 
Black-White welfare disparities over the 1999–2019 period.

Morbidity.—In the Supplemental Appendix, we also incorporate differences in mor-
bidity, an extension that involves more speculative measurements and assumptions. We 
find that differences in morbidity could contribute importantly to Black-White welfare 
differences. A common measure of quality-adjusted life years from the 1997–2018 
National Health Interview Survey implies that morbidity differences increase the 
Black versus White welfare gap by over 20 percentage points in 2018.

V.  Conclusion

We study consumption-equivalent welfare for Black and White Americans to 
gauge the importance and cumulative impact of gaps in consumption, life expectancy, 
incarceration, leisure, and inequality in both consumption and leisure. According to 
our estimates, these factors combined to generate welfare for Black Americans that 
was only 40 percent of that for White Americans in 1984. Black welfare rose to 
59 percent of White welfare by 2022, driven by narrowing differences in life expec-
tancy and consumption. Of the sizable 41 percent welfare gap that remains, roughly 
24 percent comes from life expectancy and 12 percent from consumption.

Improving our measurement would be a productive avenue for future research. It 
would also be valuable to include other considerations, such as differential access to 
good neighborhoods and differences in prices paid by race.

We view our calculations as potentially useful for evaluating policies to address 
racial inequality. Such policies often affect multiple outcomes, including consump-
tion, life expectancy, and incarceration. Our methodology allows different outcomes to 
be expressed in common units, making it easier to conduct a full cost-benefit analysis.

REFERENCES

Aguiar, Mark, and Mark Bils. 2015. “Has Consumption Inequality Mirrored Income Inequality?” 
American Economic Review 105 (9): 2725–56.

Aguiar, Mark, and Erik Hurst. 2007. “Measuring Trends in Leisure: The Allocation of Time over Five 
Decades.” Quarterly Journal of Economics 122 (3): 969–1006.



445BROUILLETTE ET AL.: RACE AND ECONOMIC WELL-BEING IN THE USVOL. 7 NO. 4

Aizer, Anna, Ryan Boone, Adriana Lleras-Muney, and Jonathan Vogel. 2020. “Discrimination and 
Racial Disparities in Labor Market Outcomes: Evidence from WWII.” NBER Working Paper 27689.

Aladangady, Aditya, and Akila Forde. 2021. “Wealth Inequality and the Racial Wealth Gap.” FEDS 
Notes, October 22. Board of Governors of the Federal Reserve System.

Almagro, Milena, and Angelo Orane-Hutchinson. 2022. “JUE Insight: The Determinants of the Differ-
ential Exposure to COVID-19 in New York City and Their Evolution over Time.” Journal of Urban 
Economics 127: 103293.

Barro, Robert J., and Charles J. Redlick. 2011. “Macroeconomic Effects from Government Purchases 
and Taxes.” Quarterly Journal of Economics 126 (1): 51–102.

Bayer, Patrick, and Kerwin Kofi Charles. 2018. “Divergent Paths: A New Perspective on Earnings 
Differences between Black and White Men since 1940.” Quarterly Journal of Economics 133 (3): 
1459–501.

Becker, Gary S., Tomas J. Philipson, and Rodrigo R. Soares. 2005. “The Quantity and Quality of Life 
and the Evolution of World Inequality.” American Economic Review 95 (1): 277–91.

Benitez, Joseph, Charles Courtemanche, and Aaron Yelowitz. 2020. “Racial and Ethnic Disparities in 
COVID-19: Evidence from Six Large Cities.” Journal of Economics, Race, and Policy 3 (4): 243–61.

Boerma, Job, and Loukas Karabarbounis. 2021. “Reparations and Persistent Racial Wealth Gaps.” 
NBER Working Paper 28468.

Brouillette, Jean-Félix, Charles I. Jones, and Peter J. Klenow. 2025. Data and Code for: “Race and 
Economic Well-Being in the United States.” American Economic Association; distributed by 
Inter-university Consortium for Political and Social Research. https://doi.org/10.3886/E212862V1.

Butters, R. Andrew, Daniel W. Sacks, and Boyoung Seo. 2022. “Racial Difference in Retail Prices 
Paid.” Preprint, SSRN. http://dx.doi.org/10.2139/ssrn.4253131.

Case, Anne, and Agnus Deaton. 2015. “Rising Morbidity and Mortality in Midlife among White 
Non-Hispanic Americans in the 21st Century.” Proceedings of the National Academy of Sciences 
112 (49): 15078–83.

Case, Anne, and Angus Deaton. 2017. “Mortality and Morbidity in the 21st Century.” Brookings Papers 
on Economic Activity 48 (1): 397–476.

Centers for Disease Control and Prevention. 2021. Multiple Cause of Death 1999–2020. National Cen-
ter for Health Statistics, CDC WONDER Online Database, Vital Statistics Cooperative Program. 
https://wonder.cdc.gov/mcd.html (accessed December 7, 2024).

Centers for Disease Control and Prevention. 2024a. Multiple Cause of Death by Single Race 2018–
2022. National Center for Health Statistics, CDC WONDER Online Database, Vital Statistics 
Cooperative Program. https://wonder.cdc.gov/mcd.html (accessed December 7, 2024).

Centers for Disease Control and Prevention. 2024b. US Life Tables. https://www.cdc.gov/nchs/
products/life_tables.htm (accessed December 9, 2024).

Chetty, Raj, Adam Guren, Day Manoli, and Andrea Weber. 2013. “Does Indivisible Labor Explain the 
Difference between Micro and Macro Elasticities? A Meta-analysis of Extensive Margin Elastici-
ties.” NBER Macroeconomics Annual 27: 1–56.

Chetty, Raj, Nathaniel Hendren, Maggie R. Jones, and Sonya R. Porter. 2020. “Race and Economic 
Opportunity in the United States: An Intergenerational Perspective.” Quarterly Journal of Econom-
ics 135 (2): 711–83.

Chetty, Raj, Michael Stepner, Sarah Abraham, Shelby Lin, Benjamin Scuderi, Nicholas Turner, 
Augustin Bergeron, and David Cutler. 2016. “The Association between Income and Life Expec-
tancy in the United States, 2001–2014.” JAMA 315 (16): 1750–66.

Curtis, Chadwick, Julio Garín, and Robert Lester. 2022. “Working, Consuming, and Dying: Quantifying 
the Diversity in the American Experience.” Journal of Economic Dynamics and Control 138: 104357.

Cook, Lisa D. 2014. “Violence and Economic Activity: Evidence from African American Patents, 
1870–1940.” Journal of Economic Growth 19 (2): 221–57.

Derenoncourt, Ellora, Chi Hyun Kim, Moritz Kuhn, and Moritz Schularick. 2022. “Wealth of Two 
Nations: The US Racial Wealth Gap, 1860–2020.” NBER Working Paper 30101.

Derenoncourt, Ellora, and Claire Montialoux. 2021. “Minimum Wages and Racial Inequality.” Quar-
terly Journal of Economics 136 (1): 169–228.

Diamond, Rebecca, and Enrico Moretti. 2021. “Where Is Standard of Living the Highest? Local Prices 
and the Geography of Consumption.” NBER Working Paper 29533.

Erosa, Andrés, Luisa Fuster, Gueorgui Kambourov, and Richard Rogerson. 2017. “Hours, Occupa-
tions, and Gender Differences in Labor Market Outcomes.” NBER Working Paper 23636.

Falcettoni, Elena, and Vegard M. Nygaard. 2023. “A Comparison of Living Standards across the 
United States of America.” International Economic Review 64 (2): 511–42.

Fernández-Villaverde, Jesús, and Dirk Krueger. 2007. “Consumption over the Life Cycle: Facts from 
Consumer Expenditure Survey Data.” Review of Economics and Statistics 89 (3): 552–65.

https://doi.org/10.3886/E212862V1
http://dx.doi.org/10.2139/ssrn.4253131
https://wonder.cdc.gov/mcd.html
https://wonder.cdc.gov/mcd.html
https://www.cdc.gov/nchs/products/life_tables.htm
https://www.cdc.gov/nchs/products/life_tables.htm


446 AER: INSIGHTS DECEMBER 2025

Flood, Sarah, Miriam King, Renae Rodgers, Steven Ruggles, J. Robert Warren, Daniel Backman, 
Annie Chen, Grace Cooper, Stephanie Richards, Megan Schouweiler, and Michael Westberry. 
2024. IPUMS CPS: Version 12.0. IPUMS. https://doi.org/10.18128/D030.V12.0.

Fogli, Alessandra, and Veronica Guerrieri. 2019. “The End of the American Dream? Inequality and 
Segregation in US Cities.” NBER Working Paper 26143.

Hall, Robert E. 2009. “Reconciling Cyclical Movements in the Marginal Value of Time and the Mar-
ginal Product of Labor.” Journal of Political Economy 117 (2): 281–323.

Hall, Robert E., Charles I. Jones, and Peter J. Klenow. 2020. “Trading Off Consumption and COVID-
19 Deaths.” Federal Reserve Bank of Minneapolis Quarterly Review 42 (1): 2–13.

Heathcote, Jonathan, Kjetil Storesletten, and Giovanni L. Violante. 2013. “From Wages to Welfare: 
Decomposing Gains and Losses from Rising Inequality.” In Advances in Economics and Econo-
metrics, Vol. 2, edited by Daron Acemoglu, Manuel Arellano, and Eddie Dekel, 235–80. Cambridge 
University Press.

Higgins, Brian. 2022. “Racial Segmentation in the US Housing Market.” Unpublished.
Hsieh, Chang-Tai, Erik Hurst, Charles I. Jones, and Peter J. Klenow. 2019. “The Allocation of Talent 

and US Economic Growth.” Econometrica 87 (5): 1439–74.
Jones, Charles I., and Peter J. Klenow. 2016. “Beyond GDP? Welfare across Countries and Time.” 

American Economic Review 106 (9): 2426–57.
Karger, Ezra, and Anthony Wray. 2024. “The Black-White Lifetime Earnings Gap.” Explorations in 

Economic History 94: 101629.
Krueger, Alan B., and Andreas Mueller. 2011. “Job Search, Emotional Well-Being, and Job Finding in 

a Period of Mass Unemployment: Evidence from High-Frequency Longitudinal Data.” Brookings 
Papers on Economic Activity 42 (1): 1–81.

Krueger, Dirk, and Fabrizio Perri. 2006. “Does Income Inequality Lead to Consumption Inequality? 
Evidence and Theory.” Review of Economic Studies 73 (1): 163–93.

Margo, Robert A. 2016. “Obama, Katrina, and the Persistence of Racial Inequality.” Journal of Eco-
nomic History 76 (2): 301–41.

Mauer, Marc, and Ryan S. King. 2007. Uneven Justice: State Rates of Incarceration by Race and Eth-
nicity. Sentencing Project.

Meara, Ellen, Seth Richards, and David Cutler. 2008. “The Gap Gets Bigger: Changes in Mortality 
and Life Expectancy, by Education, 1981–2000.” Health Affairs 27 (2): 350–60.

Monge-Naranjo, Alexander, and Juan I. Vizcaino. 2018. “Hispanics and Their Contribution to Amer-
ica’s Human Capital.” Regional Economist, June 27. https://www.stlouisfed.org/publications/
regional-economist/second-quarter-2018/hispanics-contribution-human-capital.

Schwandt, Hannes, Janet Currie, Marlies Bär, James Banks, Paola Bertoli, Aline Bütikofer, Sarah 
Cattan, et al. 2021. “Inequality in Mortality between Black and White Americans by Age, Place, 
and Cause and in Comparison to Europe, 1990 to 2018.” Proceedings of the National Academy of 
Sciences 118 (40): e2104684118.

US Bureau of Economic Analysis. 2024a. Table 2.1: Personal Income and Its Disposition. https://
apps.bea.gov/iTable/?reqid=19&step=3&isuri=1&1921=survey&1903=58 (accessed December 6, 
2024).

US Bureau of Economic Analysis. 2024b. Table 2.4.5: Personal Consumption Expenditures by Type of 
Product. https://apps.bea.gov/iTable/?reqid=19&step=3&isuri=1&1921=underlying&1903=2017 
(accessed December 6, 2024).

US Bureau of Justice Statistics. 1978–2022. National Prisoner Statistics, [United States], 1978–
2022 (ICPSR 38871). Inter-university Consortium for Political and Social Research. https://doi.
org/10.3886/ICPSR38871.v1.

US Bureau of Justice Statistics. 1985–2022. Annual Survey of Jails Data Series. Inter-university Con-
sortium for Political and Social Research. https://www.icpsr.umich.edu/web/NACJD/series/7 
(accessed December 7, 2024).

US Bureau of Labor Statistics. 2024. Consumer Expenditure Survey: Public Use Microdata. https://
www.bls.gov/cex/pumd_data.htm (accessed December 9, 2024).

US Census Bureau. 2024. Population and Housing Unit Estimates Datasets. https://www.census.gov/
programs-surveys/popest/data/data-sets.html (accessed December 7, 2024).

US Environmental Protection Agency. 2020. “Mortality Risk Valuation.” https://www.epa.gov/
environmental-economics/mortality-risk-valuation (accessed April 20, 2020).

https://doi.org/10.18128/D030.V12.0
https://www.stlouisfed.org/publications/regional-economist/second-quarter-2018/hispanics-contribution-human-capital
https://www.stlouisfed.org/publications/regional-economist/second-quarter-2018/hispanics-contribution-human-capital
https://apps.bea.gov/iTable/?reqid=19&step=3&isuri=1&1921=survey&1903=58
https://apps.bea.gov/iTable/?reqid=19&step=3&isuri=1&1921=survey&1903=58
https://apps.bea.gov/iTable/?reqid=19&step=3&isuri=1&1921=underlying&1903=2017
https://doi.org/10.3886/ICPSR38871.v1
https://doi.org/10.3886/ICPSR38871.v1
https://www.icpsr.umich.edu/web/NACJD/series/7
https://www.bls.gov/cex/pumd_data.htm
https://www.bls.gov/cex/pumd_data.htm
https://www.census.gov/programs-surveys/popest/data/data-sets.html
https://www.census.gov/programs-surveys/popest/data/data-sets.html
https://www.epa.gov/environmental-economics/mortality-risk-valuation
https://www.epa.gov/environmental-economics/mortality-risk-valuation

	Race and Economic ­Well-Being in the United States
	I. Expected Utility Framework
	II. Datasets
	A. Racial Definitions
	B. Survival Rates
	C. Incarceration Rates
	D. Consumption
	E. Leisure

	III. Calibration
	IV. Welfare
	A. Robustness

	V. Conclusion
	References




